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ENSENBLE LEARNING METHOD FOR THE RIVER SATISFACTORY 
QUESTIONNARIE DATA

Toshio SHIMOKAWA, Yukari MUTOH, Taku MISONOU
and Shinichi KITAMURA

In the fields of river landscape study,  it is one of important subjects to explore influencing factors on satisfactory of river
landscape. The multiple regression analysis is one of the useful statistical tools for exploration of the factors. This multiple 
regression analysis and related regression analyses (ex. principle regression analysis, partial least square and so on) are usually based 
on the linear combination of   explanatory variables.  However, the observations obtained in practice rarely satisfy this constrained 
model structure. In this paper, we focused on one of the ensemble learning methods, “multiple additive regression tree (MART) 
method”. The performance of MART method was evaluated by the river satisfactory questionnate data17). As a result, the MART 
method  gave more prediction performance and provided attractive interpretation than other methods widely used.
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