)1 Hftram A, 25229, 20164F-6 1

EEREEOEAICKLS
Za—JI)xy b= HEKFRDFEER L

ACCURACY IMPROVEMENT OF ARTIFICIAL NEURAL NETWORK
USING DEEP LEARNING METHOD
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In flood prediction, reduction of the uncertgingé one of the biggest issues. As a novel rivaget
prediction model, the artificial neural network nebdvhich is trained by the deep learning method was
developed. The model is composed of 4 layer feeddnt network. As a network training method,
stochastic gradient descent method based on tHe grapagation method was applied. Input of the
model is hourly change of water level and houripfedl, output data is water level of predictionimo
Developed model was applied to 4 rivers in JapadYODO River, KOKAI River, ONGA River and

KANO River.

As a result, there was a significant improvemén®@YODO and ONGA River, which has relatively
many observation stations. In these basins, enhainite learning ability may contributed to theulgs
On the other hand, at KOKAI and KANO River, theraynbe little margin for improvement even though

learning ability enhanced.

Key Words : River stage, real-time prediction, deep learning, artificial neural network
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