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Sl
Traditional-
LSTM GRU
RNN
Training 0.844 0.842 0.709
Validation 0.854 0.859 0.726
Test 0.754 0.794 0.718
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1) Kratzert, F., Klotz, D., Brenner, C., Schulz, K., & Herregger,
M..Rainfall-runoff modelling using long short-term memory
(LSTM) networks. Hydrol. Earth Syst. Sci, 22.11: 6005-6022., 2018

2) LSTM-PyTorch master documentation

https://pytorch.org/docs/master/generated/torch.nn. LSTM.html

3) APHRODITE: Asian Precipitation—Highly Resolved
Observational Data Integration Towards Evaluation of Water
Resources

4) Amedas from Japan Meteorological Agency

(https://www.jma.go.jp/jp/amedas)

5) Water Information System from the ministry of land, infrastructure,
transport, and tourism
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