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USING BIG DATA FOR TOURISM TEXT MINING ANALYSIS ON EXTRACTION
OF IMPROVEMENT POINTS OF SIGHTSEEING SPOTS

Yuta BABA, Makoto FUJIU and Yuma MORISAKI

In Japan, local regions with declining populations, falling birthrates, and an aging population face the
challenge of how to maintain and revitalize regional functions. In order to develop the tourism industry, it
is important to formulate and implement policies based on diversified tourism needs. In this study, using
the recent spread of the Internet, big data on tourism that has been accumulated in recent years, this study
collects word-of-mouth data on tourist spots from travel information websites and performs sentiment anal-
ysis using deep learning to extract sentences from the word-of-mouth data that suggest negative sentiments
of tourists, and extracts Text mining was then conducted on the negative sentiments to identify points for
improvement of tourist attractions.



