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Attention-driven (1-1) |

—‘ Global based (1) f—

Image generation (1-2) ‘

Attribute mining (1-3) |

Feature descriptor (2-1) |
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Attention-driven (2-3) |
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—‘ Multiple granularities based (3) ’—
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BICEFHOBR A A HRICRE LT- 2R mig A fEk T &
%728, RelD MReZ @ 578 T —4 v FOIERRIC
BEhE WS-

(13) DEtE~A =2 7 FEE, RICHEAOEN
[CRDEBEZNTY, BNR MR TE O MERHY
BEEMHTA2TETHSD. ERRo@Ey, SHMiEEtETe
INA NREHBTZS, DU T ATV IO T, T—H
NR—=2ZANTHIGTE =7 T ANRAREN R 5. 7=k
ZIX 2FE L v MR, T4 &y MZL-oT
IR D FREMA N S D, Su b WL, \WEhtb s
J& L7= ReIDE7/L"Cd» % Multi-Task Leaming algorithm with
LOw Rank Attribute Embedding (MTL-LORAE)Z 248 L 7-.
Multi-Task Leaming (= /LF X A7 %38 L%, BH—0DF
TIVCHEIBDZ AT G BT H FiETHS. Su b
DOFETITEED I A Z IS OFREE X AT EHI2 L
T, WA FHTHEA SNHRHEOEREFIHT 5. Low
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F 7 N— 2 A BRET S REI Y. Partial RelD R & -
TN TV, Z OMNEIZIEE ) HEY LA IS8 2
Lolz. DFE VHEROIFTIE, FEAMIZTRTOF
¥ 7 U —ERITI T BT DS TV D &0 ) IFERDEN
ot (23) OEEFETEE LT Mio 5 2 (3,
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NO—2 LIRIZEVRY Y — A BB LT D T L E.

LI, ZEREAR—AFEIIAL AN DILTO S
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R LT, ZAUE, HURIZ2CNN7Z> G722 MainNet (M-
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RERR X5, MDA £ 2—/L &1, ONN NOEE DS
25 Aftention ~ » FEAERK L, 2D LoVULORHE~ >
FITHNT A TL L UL D Attention &% AR5
EVa—/VThHD. B, 22T LV Li3ERT
L OREETHY, =& 2IFAREOHD X o (it
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2\, ZOMORHSEE R LI ARETEE L TR
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Gul 5 # |%, 3D CONN IC L DA TREFIEAER LT,
3D CNN (78] & R BT B B AABEAT D T2, 1K
72 EOZERRVRHE & AT/ 32— o DIRFRIRYRHE O 7
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SOMHOEEN 2 E PR TE, MTRROERE LS 2
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no.
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(1) B—AYEREEDVER

FEARE S CORFEERITFETIE, A TEIEC thpose-
estimation % H U CREHIEASE 2 i L T\ e, ZDBRIC
DT TEED NPT LTND EE, \WID T

’

VX TP, B N ERD NHD 1D 73,

ZIHD NPIOFTHGE KRR LI ANED D Z E b o
7o, ARFZETIRZ ORIEA RIS 272012, FrigEhhit
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sociation (DeepSORT) &\ 9 WAIEHRT /L= Y X %3
HALT, BANOAY ID BE—L25E91cF LT
[F— NGtz i d%.

Bewley |, 20164EIC—H DA A T TEEOWIRE BB
3% Multi Object Tracking (MOT)DIERE)T L= X AT

&% Simple Online and Realtime Tracking®”  (SORT)% 7R L 7-.
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