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DEVELOPMENT OF REAL-TIME MOBILE BIG DATA SYSTEM FOR URBAN
TRANSPORTATION AND PUBULIC SERVICES

Mariko Shibasaki, Yasuo USUBA, Tomohiro TAKAYAMA, Quanjun CHEN,
Hiroshi TAKAYASU

The “Corona Disaster” has attracted attention to the utilization of real-time mobile big data, in addition to uniform
aggregated and off-line data that has been used for geospatial analysis. In this research, we propose people flow
data generation system and address technical elements and reliability required to implement real-time mobile big
data analysis for social utility services such as urban transportation and disaster risk management. This paper
discusses the technologies behind the real-time people flow data service, examples of visualization and the imple-
mentation. At the same time, as an example of evaluating the reliability of the people flow data, we report the
results of comparison cases of both pedestrian traffic counts per street and the number of railway passengers be-
tween stations. The reliability of human flow data will be discussed based on these evaluation cases.



