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SHORT-TERM PREDICTION OF LOCAL TRAFFIC CONDITION CONSIDERING
SPATIOTEMPORAL CORRELATION OF TRAFFIC DATA BY DEEP LEARNING

Shunsuke KISO, Ryo INOUE and Shizuha BABA

The use of deep learning in traffic prediction has been attracting much attention these days. Since deep
learning can automatically extract relationships among multivariate data, it has demonstrated excellent
performance for many types of prediction and its usefulness for traffic prediction has also been confirmed.
However, most of the previous traffic prediction methods based on deep learning focus on the spatial or
temporal characteristics of traffic flow, although the traffic flow has both spatial and temporal
characteristics. This study proposes a short-term traffic prediction method that considers the spatio-
temporal characteristics of traffic flow. The proposed method is composed of Graph Convolutional
Network that considers neighboring relationships among regions and LSTM that extracts temporal features
for each region. The proposed method was applied to the traffic observation data of a road network in Naha
City, and it was confirmed that the proposed method has high prediction performance.



