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A STUDY ON TRAFFIC SITUATION PREDICTION
USING MULTIMODAL DATA

Akihiro NAKASUGA, Shinya WADA and Chihiro ONO

In recent years, many studies have been conducted to predict traffic conditions such as traffic volume,
travel time, and traffic speed, but traffic conditions change in the surrounding environment, such as large-
scale events. In order to predict traffic conditions more accurately, it is necessary to consider a wide va-
riety of factors, such as changes in travel demand due to large-scale events, relationships among roads,
characteristics of the day of the week, and traffic records. Nowadays, many studies have been proposed to
combine such different types of multimodal data and apply machine learning methods to predict traffic
conditions considering changes in the surrounding environment. In this paper, we introduce the overseas
studies on traffic forecasting using multimodal data, confirm the effectiveness of using multimodal data,
discuss the current issues, and report suggestions for future prospects.




