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A BASIC STUDY OF BRIDGE INSPECTION WITH REPRODUCED HAPTIC
INFORMATION MEASURED BY LiDAR

Tomotaka FUKUOKA, Takahiro MINAMI, Makoto FUJIU

A bridge inspection needs much cost. It causes a lack of engineer and budget. So some local government
couldn’t complete bridge aggressive preventive maintenance in Japan. To solve this problems, studies of auto-
mation have been made to reduce the inspection task which depends on human power. We focus on the study of haptics
to optimize the damage detection method which using human tactile sensation. As a basic study of this issue, we have
study 3D modeling method. The point cloud data necessary to create 3D model. LIDAR is one of the method to get
point cloud data. However, these point cloud data are too sparse to create 3D model which enable human to feel the
touch of the surface. In this paper, we proposed deeplearning-based method of create dense point cloud data by using
a sparse point cloud data and an image of surface.



