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The Model for Predicting the Traffic Jam by CNN

Yuya MICHIHARA, Toshio YOSHII and Takahiro TSUBOTA

This study develops a CNN model, which can predict congestion occurrence. Then, effect
of the number of parameters and the quality of input variables on the prediction accuracy
is analyzed. Average speed, traffic volume and occupancy in every 5 minutes observed
by vehicle detectors in 1 hour just before the prediction time are used as the input. The
model predicts the probability of congestion occurrence in the next 30 minutes. As a result
of the analysis using the data of the Metropolitan Expressway road network (inbound,
Line 4), it was shown that there is an optimal number of parameters to improve the pre-
diction accuracy of the model. In addition, the results showed that additional input varia-

bles can improve the prediction accuracy.



