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STUDY ON APPLICATION OF GRAPHICAL LASSO
TO CHANGE DETECTION FOR DIABETES

Yeunkyung KIM, Yeboon YUN, Min YOON, Hirotaka NAKAYAMA

Major lifestyle-related diseases caused by unbalanced diet and irregular sleep patterns include diabetes,
hypertension, and dementia. According to the demographic statistics of Japan for 2015, approximately 60%
of total deaths are caused by the lifestyle-related diseases. In recent years, ‘Data Health’ has been increas-
ingly conducted in Japan. With such projects, various data are analyzed through mathematical scientific
methods and are used to enhance health, build preventive models, and detect diseases early for large popu-

lations.

In this study, using the graphical lasso, we try to analyze diagnosis data on diabetes, which is one of the
most common diseases. Graphical lasso is a kind of sparse structure learning based on so-called precision
matrices for two groups with different labels, and is applicable for detecting an anomaly among factors.
The obtained results through the analysis will be expected to contribute for increasing efficiency in disease

prevention and health promotion.



