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DEVELOPMENT OF TRAFFIC MEASUREMENT SYSYTEM FOR VARIOUS
TYPES OF VEHICLES USING DEEP LEARNING

Keita WATANABE , Hideki YAGINUMA, Shintaro TERABE,
Nan KANG and Kosuke TANAKA

Recently, the development of deep learning and machine learning has made it possible to measure traffic volume
from camera images. By installing and measuring the camera, it becomes easier to acquire data than manual
measurement. However, in previous studies, vehicle types did not match existing traffic data. In this study, we will
use YOLO, which is an object detection model with excellent detection accuracy and processing speed, to construct
a vehicle detector that corresponds to the vehicle classification of road traffic census. In addition, apply transfer
learning to the built detectors to make sure they can be used for taxis and buses. In addition, we explain the
efficiency of learning by verifying input conditions and detection accuracy, and show the possibility of measuring

traffic volume by automobile types from these results.



