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A NOTE ON DETECTION OF AVOIDANCE BEHAVIOR ON BICYCLE TRIP
USING OPENPOSE AND MULTIPLE-CLASSIFIERS

Masahiro YAGI, Sho TAKAHASHI and Toru HAGIWARA

Recently, cameras are equipped on many vehicles, which makes it easy to acquire the video and analyze
it. Also, the avoidance behavior on bicycle trip is a cause for the bicycle-car accident. Thus, to grasp the
scene where the avoidance behavior occurs is thought to be effective to improve the road traffic safety.
Then, since a bicycle is a vehicle which is ridden by rotating a wheel with load transfer of a rider, there is
a high correlation between bicycle behavior and rider’s gesture. Therefore, we propose a method to detect
the avoidance behavior on bicycle trip in videos based on rider’s gesture. In the proposed method, features
about rider’s gesture are obtained based on OpenPose which can detect human’s 2D skeleton data. In addi-
tion, multiple-classifiers are constructed based on the features. Finally, the avoidance behavior is detected
by fusing the probability of estimation obtained with the classifiers. The experimental results show the

effectiveness of our method.



