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It is one of the typical applications of artificial intelligence which learns and predicts using the accumu-
lated big data and the accumulation of research has been advancing in the transportation field as well.
However, traffic congestion is a complex phenomenon that is mainly caused by traffic demand exceeding
the traffic capacities, it is not easy to predict the taffic states. In this paper, we develop a short-term traffic
condition estimation method in the framework of long short-term memory (LSTM) which is suitable for
processing time series traffic data. The analysis target is the central area of Kamakura City, which is one
of the most popular tourist cities in Japan. The learning model aims to predict traffic condition (e.g. con-
gestion) in the city center after 60 minutes by using the information such as the past traffic congestion in
the city center, section traffic volume in the surrounding roads to the central area, amount of rain fall and
presence or absence of public events as input variables. The results of model learning implied that the
mean absolute percentage error between the predicted value and the observation value is about 6.43% and
that the correlation coefficient is 0.96.



