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STATISTICAL ANOMALY DETECTION FOR MONITORING OF HUMAN
DYNAMICS

Keita KAMIYA and Takashi FUSE

Human dynamics monitoring has recently drawn attention. Although this monitoring focuses on anomalous
states, anomaly detection methods are developed ad hoc and not fully systematized. We discussed the
characteristics of the anomaly detection of human dynamics monitoring with gridded population data
and assumed a semi-supervised anomaly detection for contextual anomalies behind time-series data. We
developed a technique based on a sticky HDP-HMM, which estimated the number of hidden states according
to input data. Through the experiments with synthetic and real data, we found our method with high
detection rate and detected an anomaly when and where an actual social event had occurred.



