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COMPARISON OF INTERCITY TRIP GENERATION PATTERNS
OVER DIFFERENT PURPOSES

Makoto OKUMURA, Hiromichi YAMAGUCHI, Kazuki OMORI

It is important to understand the intercity trip generation patterns and to grasp possible factors stim-
ulating people ' s trip generation, in the decreasing tend demand in Japan. This paper analyzed the
distribution of annual frequency of intercity overnight travels for three purposes, business, sightseeing and
private visiting, based on the Survey on Time Use and Leisure Activities, conducted by the Statistics Bu-
reau Japan. We proposed Zero High Value Inflated Poisson (ZHIP) model by adding a parameter of highly
frequent travelers to Zero Inflated Poisson (ZIP) model which include two parameters; inactive persons
raito and average frequency of travels. ZHIP model are applied to these distributions of annual frequency.
We showed that individual characteristics such as sex, age, and domestic caring status give significant
effects on the model parameters. Across prefectures, ZHIP model parameters distributes differently for

the three travel purposes.
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