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1. Introduction 

   Traffic simulators are used to test and evaluate infrastructure design, operation, and control policies in a virtual 

environment, realizing cost savings and flexibility compared to testing or implementing in the real world.1) In a 

microscopic traffic simulator, the state and motion of every vehicle as well as other elements (such as a traffic signal) 

are represented dynamically in the simulation. The vehicle motion is based on the vehicle’s internal characteristics 

(e.g. vehicle type, desired speed, driver aggressiveness, etc.), as well as the conditions of nearby vehicles. 

   Considering the vehicle’s response to its environment, driver-vehicle behavior can be classified into three 

categories. In order of increasing detail, these are: strategic (route planning), tactical, and operational (accelerator / 

brake pedal, steering). Tactical driver behavior is considered as the development, evaluation, and execution of 

near-term maneuvers, to realize short-term goals.2)  

   In a simulator, representation of short-term planning is important for simulated maneuvers in which the reward 

for performing the action is slightly delayed. For example if from a crowded lane, a driver sees past an even more 

crowded adjacent lane to an open lane two lanes away (such as a high-occupancy vehicle (HOV) exclusive use lane), 

he would never move into that lane if he considers each lane change one at a time.  

   However, the current (state of the art) simulator does exactly this, considering only the very next action, 

neglecting the near-term plan made by the driver, possibly leading to an overestimation of the traffic congestion, 

compared to that in the real world.3) In this paper, the existing approaches to driver tactical models are surveyed, and 

a heuristic to represent driver tactical driver lane changing behavior in a simulator is proposed.  

 

2. Review of the State-of-the-art 

   In general, driver behavior models perform a mapping of environmental conditions to a corresponding driver 

response. For example, a mapping could contain a rule such as: “if a driver is following behind a very slow car, and 

there is a gap available in the lane to his right, then his action is to make a lane change to the right”. These are 

represented as if-then rules in flowcharts or pseudo code. Gipps4) enumerated such a mapping in 1986. 

   Additionally, each traffic simulator addresses several issues. First, the representation of the vehicle and driver can 

be as a single entity, the “driver-vehicle unit”; or else as two separate models, such as the “driver model” which 

determines driver control action values on the steering, accelerator, and brake, and the “vehicle dynamics model” 

which determines the exact vehicle motion, including the internal parts of the vehicle and the wheels, based on a set 

of driver control actions. 

   Another consideration is the variation of driver behavior by individual. One person may drive aggressively and 

follow closely, accepting very small gaps for lane changing, while another may act more carefully or conservatively. 

In general there are as many driver types as there are drivers; just as each person has a unique fingerprint pattern, 



 

each person may have a unique (different even if very slightly) mapping of environmental conditions to response 

actions, compared to any other driver. However for practical implementation in a simulator, similar drivers can be 

aggregated into a finite set of archetypes. Commercial software often allows the user to configure several driver 

types with customized settings of the parameters.  There have been studies using instrumented vehicles to measure 

and characterize driving patterns of many individuals and then to aggregate them into groups of drivers with similar 

behavior.5)  

   Toledo3) developed a driver model which selects the target lane and a particular gap in that lane as a goal and 

then determines a sequence of acceleration, deceleration, and lateral motion actions in order to move into the target 

gap, even if the gap is not directly alongside. He formulated a decision model using a set of logit equations with 

coefficients calculated based on a test data set using maximum likelihood estimation techniques. He applied the 

developed model to a test case and compared it to a model which did not include the short-term plan of target gap 

and found that his model better represented the actual measured traffic conditions. 

   Hidas6) has developed a lane changing and car following model based loosely on Gipps 1986 model4).  The 

model accounts for cooperativeness when determining mandatory lane changes (lane changes where the vehicle be in 

a particular lane to make a downstream turn). However, it only considers the immediate lead and rear vehicles. In the 

car following model, the driver tries to reach his desired spacing, with a reaction time lag. Detailed flowcharts are 

provided describing the driver’s action in a variety of situations. In 2005, Hidas7) explains about a lane change 

planning model, but the scope of the plan is only the very next lane change, not several lane changes in the 

near-term. 

   Thus for both Toledo’s and Hidas’ models, the short-term plan they describe is simply the very next lane change. 

Although this is an improvement over the simple reactive models which only consider the immediate effect of each 

action in the very next time step, it does not account for the driver performing actions as part of a plan over the short 

term, such as where there is a delayed reward for a sequence of actions. In the next section, I propose a method to 

represent this near-term planning element in the modeling of driver tactical lane changing behavior. 

 

3. Tactical Modeling Approach 

   The Forward Search Algorithm8) is used in a variety of applications such as robot control and computer chess 

playing. At each time instant, a player considers the possible choices he can make now and in the near future, and 

their outcomes, visualized as a branching tree as shown in Figure 1. 

   Each branch represents a particular choice of actions by the player 

(and those of other players), and the events which are expected to 

occur due to this set of choices. Such a prediction, which takes place 

in the mind of the player, is projected until the time horizon. During 

model development, the length of the time horizon should be 

considered in detail, based on the time required for completing, say, 

at least two lane changes. At each moment when deciding what action 

to take, a player builds the forward search tree, and selects the current 

action which leads to the best outcome, e.g. the outcome which has the player in the best situation at the time 

horizon. 

   When applying the forward search heuristic, in order to restrict the number of possible control actions (and thus 



 

branches in the forward search tree) to a computationally feasible number, the subject vehicle maneuver control is to 

limited lane changing (or not) at the first opportunity only. Longitudinal actions are represented as maximum 

acceleration, constrained by safe car following and the driver’s desired speed. In the conceptual framework proposed 

in this paper, tactical planning of longitudinal acceleration and deceleration, which accompanies lane changing 

maneuvers, is left for further research. The latter has been addressed in detail in Toledo’s dissertation.3） The 

surrounding vehicles are assumed to not make any lane changes and to simply continue at their current speeds, 

performing car following when necessary. Note that this differs from the case of computer chess in which the 

opponent player may also make several possible moves in a given situation, causing further branching of the search 

tree. 

   When the driver finds a choice of lane change, the tree splits into two branches. At the time horizon, each action 

plan can be evaluated in terms of how it improves the situation for the driver, such as minimizing travel time or 

returning to the shoulder lane. Thus for each plan a numeric score can be calculated, and the best plan can be selected.    

The scoring of candidate plans should be performed to represent the driver’s evaluation of the relative advantage of 

each plan. For example, a scoring system which is to be used in the example to be explained below includes two 

scoring criteria: (a) longitudinal displacement from the current location at the time horizon (how far ahead the driver 

will go using this plan), and (b) location in the shoulder lane at the time horizon. The system of scoring should be 

based on knowledge of driver’s assessment of the relative advantage of alternative situations, and the score on each 

criteria should reflect its relative importance to the driver’s assessment. Various other criteria are also possible, such 

as minimizing the number of lane changes, avoiding following behind large vehicles or minimizing speed 

fluctuations, but are not included in this example. In the example below, the scoring system chosen was to give 

points to criterion (a) in proportion to the linear displacement, and (b) as either 2 if the subject vehicle is in the 

shoulder lane at the time horizon, or 0 otherwise. The choice of 2 points for being in the shoulder lane here reflects 

the judgment of the relative importance of this criterion compared to the longitudinal displacement advantage. 

    Consider the example shown in Figure 2, a two-lane freeway where the left lane is the shoulder lane and the 

right lane is the overtaking lane. The subject vehicle (marked with a star) is overtaking two slower vehicles spaced 

slightly apart. According to the limitations on subject and non-subject vehicle actions described above, the subject 

vehicle driver has two possible action sequences: (1) Return to the shoulder lane after passing the first slow car, or 

(2) stay in overtaking lane and overtake both slow cars. In plan (1), he can see that there is a faster vehicle behind 

him which will delay him when he later tries to return to the overtaking lane. The difference in the performance of 

the two plans is shown in the scoring tally in Figure 3. From the earliest (leftmost) scene, he can consider plans (1) 

and (2) and determine which plan will best serve his goals, such as moving forward as far as possible (i.e. 

minimizing travel time). 

 
 Figure 2. Example of tactical path planning. 

 

  In the example, the numeric scoring values were assigned to both plans (1) and (2) based on these criteria, and a 



 

total score was computed for each plan. Plan (2) is seen to have a higher score, therefore in the model, the driver 

would choose plan (2). 

  To account for a human driver’s imperfect 

perception, reasoning, and control, a random utility 

discrete choice model could be used. A random 

error term could be added to the utility of each plan i (eq. 1), and the probability of the driver choosing the plan can 

be proportional to a function such as Log of its utility (eq. 2). 

 U(i) = Score(i) + random error term     (1) 
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   In the above example, the proposed forward search tactical driver lane change heuristic may be able to explain 

the widely-observed macroscopic phenomenon of overuse of the overtaking lane on long intercity two-lane sections. 

In the proposed tactical heuristic, each driver makes a rational choice to stay in the overtaking lane to avoid delay. 

The large scale (macroscopic) effect is to have a platoon of vehicles in the overtaking lane, and slower vehicles using 

the shoulder lane, widely spaced apart. 

   The proposed tactical decision framework considers possible lane changing action sequences, and selects the 

action which gives the best performance in meeting the final goal, not merely intermediate goals. This paper presents 

only the conceptual framework. In further research, a quantitative model of the vehicle motion will be developed and 

calibrated with real traffic data, and validated based on its ability to replicate real traffic situations. 

 

Acknowledgment 

The author receives financial support for this research through the Japanese Ministry of Education, Culture, Sports, 

Science and Technology. 

 

References 

1. SMARTEST. Simulation Modelling Applied to Road Transport European Scheme Tests. University of Leeds. Final 

Project Report. www.its.leeds.ac.uk/projects/smartest/ 1999. 

2. Michon, J.A. A critical review of driver behavior models: What do we know, what should we do? In: L.A. Evans 

& R. Schwing (eds.). Proceedings of the International Symposium on Driver Behavior and Traffic Safety. General 

Motors Research Laboratories. New York: Plenum Press: pp. 485-520. 1985. 

3. Toledo, T. Integrated Driving Behavior Modeling. PhD Dissertaion. MIT. 2003. 

4. Gipps, P.G. A Model for the Structure of Lane-Changing Decisions. Transport. Res. 20B, 107–120. 1986 

5. Delorme, D., and Song, B. Human Driver Model for SmartAHS. California PATH Research Report 

UCB-ITS-PRR-2001-12. 2001. 

6. Hidas, P. Modelling lane changing and merging in microscopic traffic simulation. Transportation Research Part C. 

10, 351 – 371. 2002. 

7. Hidas, P. Modelling vehicle interactions in microscopic simulation of merging and weaving. 

Transportation Research Part C 13, 37–62. 2005. 

8. Russell, S. J. and Norvig, P.  Artificial Intelligence: A Modern Approach, 2nd ed., Prentice Hall, 2002. 



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.4
  /CompressObjects /Tags
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJDFFile false
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveEPSInfo true
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile ()
  /PDFXOutputCondition ()
  /PDFXRegistryName (http://www.color.org)
  /PDFXTrapped /Unknown

  /Description <<
    /ENU (Use these settings to create PDF documents with higher image resolution for high quality pre-press printing. The PDF documents can be opened with Acrobat and Reader 5.0 and later. These settings require font embedding.)
    /JPN <FEFF3053306e8a2d5b9a306f30019ad889e350cf5ea6753b50cf3092542b308030d730ea30d730ec30b9537052377528306e00200050004400460020658766f830924f5c62103059308b3068304d306b4f7f75283057307e305930023053306e8a2d5b9a30674f5c62103057305f00200050004400460020658766f8306f0020004100630072006f0062006100740020304a30883073002000520065006100640065007200200035002e003000204ee5964d30678868793a3067304d307e305930023053306e8a2d5b9a306b306f30d530a930f330c8306e57cb30818fbc307f304c5fc59808306730593002>
    /FRA <>
    /DEU <>
    /PTB <>
    /DAN <>
    /NLD <>
    /ESP <>
    /SUO <>
    /ITA <>
    /NOR <>
    /SVE <>
    /KOR <>
    /CHS <FEFF4f7f75288fd94e9b8bbe7f6e521b5efa76840020005000440046002065876863ff0c5c065305542b66f49ad8768456fe50cf52068fa87387ff0c4ee575284e8e9ad88d2891cf76845370524d6253537030028be5002000500044004600206587686353ef4ee54f7f752800200020004100630072006f00620061007400204e0e002000520065006100640065007200200035002e00300020548c66f49ad87248672c62535f0030028fd94e9b8bbe7f6e89816c425d4c51655b574f533002>
    /CHT <FEFF4f7f752890194e9b8a2d5b9a5efa7acb76840020005000440046002065874ef65305542b8f039ad876845f7150cf89e367905ea6ff0c9069752865bc9ad854c18cea76845370524d521753703002005000440046002065874ef653ef4ee54f7f75280020004100630072006f0062006100740020548c002000520065006100640065007200200035002e0030002053ca66f465b07248672c4f86958b555f300290194e9b8a2d5b9a89816c425d4c51655b57578b3002>
  >>
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


