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Fig. 6 Sample Distributions
(m=200,000 and Contaminated by Observation Noise N(0,0))
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Fig. 7 Conditional Mean (m=200,000)
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Fig. 14 Conditional Variance (m=2,000,000)
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STOCHASTIC INTERPOLATION OF LOGNORMAL FIELDS BY BF/MCF

Osamu MARUYAMA and Masaru HOSHIYA

As a versatile tool to update random fields, Bootstrap filter/Monte Carlo filter is focused that is a sequential al-

gorithm of generating a set of sample realizations of a predicted state vector and a filtered state vector respectively.

In order to clarify the potential of this method, stochastic interpolation of a lognormal spatial random field is

demonstrated by using numerically simulated data.



