3-344 oobodeanonoooOoO@bzoOsen)

T—F R— 2 N RV REEE Y AT DD

sl [E R AN AT TEGE P IE e A (RN
O He K

Rz

& R

1. IL®IZ

b ROVAREEITHBR SR, SEE L RN F 2 RERRIERES R, MR KSR, B0 A BRLIRAE M OV AR £
RELSHBEZT D, BE, U FAOBRFHIB O TE LR O R e AR S & e T80 2 bick L Cakat 2 M
A TS D R FEEIREIHFE LRV E S > THIRE TV, kb, b LHicaZsd 5 UpReE
oM T 2N HHA L, B HIC b RVAREIC KT D fERE 4 E BRICEH T 5 2 &1 K 2 R 72 B8 B
EITZDY =NV HHBINTWRVWORBIRTH S, £ 212, RFFETIE b RV RERBRIEFRE(KICT Tunnel
Hazard Index, KTH-index) &\ 9 #i7=727 e —F 242 R L, G bivictils & b o Ul T4 5 KTH-Index %
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M (L B %L (linear activation function)
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Resilient Propagation Algorithm (RPROP) % Tttt
BEHL, 2HO KLz
early-stopping method %3 H L 7= (Shin, 2001).,

KU AT L CIIBERF L EALZ VT RV - REICHT 5 aRERE 25ET 5, BEAOREE
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Cm:nmax(lmn) m:|, E-:mmax(lm ),n:1 (1) ﬁ_l. %QE%BUE#
n=1 m=1
(1-1) Equivalent sectional area 6.43
C,+E, 100 (1-2) Depth ratio 7.87
W, = (Z(Cp N il)i )X N, ) (2-1) Rock type 5.33
pi pi grade (2-2) RQD/N-value 8.47
(2-3) Weathering degree 6.44
KTH —Index = ZWi Vi 3) (3-1) Conditions of discontinuities 13.0
(3-2) Orientation of discontinuities 9.28
BIARBIEEATAIC S | 2o, ERRoOREMNTHE LR
HRFIZRTHEATIER 1O LI D, K—3THKAEE - BE |(5-1) Method of excavation 4.97
1 = . - . — 5-2) Perf f ti 4.67
AT B KTH-Index D FE AT 2 75, AR S 2 7 AT fe) sunport st 538
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Potential Tunnel Collapse Mode
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